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[bookmark: _Toc223934091]                                 Executive Summary
The study will examine how Accounting and auditing practices using Artificial intelligence (AI) adoption will influence the accounting and auditing work in the developing economy of Bangladesh. Based on the quantitative review of 60 traded companies of the Dhaka Stock Exchange in six years of research (2020-2025), the study will look at the effect of technological investments on audit reports. As the empirical result shows, the investments into AI and IT infrastructure considerably decrease the number of years before the audit report is issued and therefore promotes significant improvements in the efficiency. Also, the application of AI leads to a higher quality of the audit process through reducing discretionary accruals, which increases the ability to identify earnings management and fraud. The study however reveals a sharp digital divide in the industry that implies that Big 4 affiliate companies are gaining significantly more in technological advantages as compared to local companies. To ensure that AI reaches its full potential and reduce this gap, the proposed study advises that regulators must standardize the AI evidence and promote technology to be used by small companies, whereas educational institutions should promptly amend their education systems, incorporating data analytics and AI ethics.
Keywords: Artificial Intelligence, Audit Efficiency, Audit Quality, Digital Divide.
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[bookmark: _Toc223934093]                           CHAPTER I: INTRODUCTION
[bookmark: _Toc216432330][bookmark: _Toc223934094]1.1 Background of the Study: The digital transformation of financial operations
The incorporation of artificial intelligence (AI) into accounting and auditing has also been a significant digital transformation in the process of financial services by automating repetitive operations and improving the ability to analyze data. As an example, AI-based applications such as machine learning algorithms have made real-time payment fraud detection possible, and research has indicated that fraud detection accuracy has risen by 40 percent and the time required to conduct financial audits has decreased by 50 percent (Nda et al., 2025; Atrous, 2025). Examples in real life involve the introduction of AI in end-to-end audit processes at PwC, which resulted in 20-50 percent productivity gains and Clara platform provided by KPMG, which automates data analysis and risk assessment in the auditing process to enable auditors to concentrate on high-value judgments (Anjali, 2025; Greenman et al., 2024). The suggested change can be proven by surveys stating that 92 percent of companies using AI claim better efficiency, and 65 percent of accountants expect their job roles to change significantly in five years, which cannot be ignored as evidence of the transition to manual and AI-driven financial management (Sofianti, 2025; El-Mousawi et al., 2023).
[bookmark: _Toc216432331][bookmark: _Toc223934095]1.2 Statement of the Problem
Although AI has many advantages, the fundamental shortcoming of the field of empirical evidence on the effects of AI on the professional judgment, competence, and ethical risk of accountants, including the aluminum bias, and overreliance on AI results are evident. Studies indicate that AI has the potential to generate cognitive biases, and 40% of accountants indicate that automation has decreased their critical thinking ability, which may undermine the quality of the audit (Ben Gabsia & Abaoub, 2025; Nda et al., 2025). To draw an example, in the case of AI applications of predictive analytics at Deloitte, ethical issues are observed due to black box algorithms in decision-making, which result in data privacy issues and biases in financial reporting (Atrous, 2025; Sofianti, 2025). A survey of 337 Certified Public Accountants in Lebanon showed that difficulties in adopting AI are associated with competence gaps, with only 60% of them considering themselves sufficiently competent enough to manage the task, with a need to conduct studies to measure these effects and alleviate such ethical problems as the rate of fraud detection in artificial intelligence growing by 15 percent (El-Mousawi et al., 2023; Anjali, 2025).
[bookmark: _Toc216432332][bookmark: _Toc223934096]1.3 Research Purposes
The main research questions that will be in the study are to examine the efficiency benefits of AI implementation in accounting, including the 50% cut in audit processing time; what skills professionals will need to implement AI, including data analytics and ethical AI literacy; and what regulation is prepared to handle, including frameworks to prevent bias and privacy issues. These objectives rely on the systematic reviews indicating that AI can potentially increase the precision of audits by 30-40 percent and identify the lack of skills in 70 percent of existing professionals (Greenman et al., 2024; Ben Gabsia and Abaoub, 2025). Also, the paper aims to suggest training models that rest on the real-life integrations, like the application of AI by EY to detect anomalies to enhance the compliance rate by 25% (Sofianti, 2025; Atrous, 2025).
[bookmark: _Toc216432333][bookmark: _Toc223934097]1.4 Theoretical Framework and Research Hypotheses
The paper utilizes the Technology Acceptance Model (TAM) and the Innovation Diffusion Theory to explore the concept of AI in accounting and hypothesizes that the usefulness and ease of use lead to adoption. Hypothesis 1: The adoption of AI is positively related to audit efficiency, and the implementation of the AI led to the improvement of productivity by 20-50 percent in Big Four companies. Hypothesis 2: More intensive AI applications are positively correlated with audit quality and increased ethical risks in the absence of a regulatory precaution like research demonstrated that AI increased the fraud detection rate by 40 percent and provided bias in 15 percent of cases (Nda et al., 2025; El-Mousawi et al., 2023). They are tested using empirical data of the world audits, such as the AI-powered processes of PwC (Anjali, 2025; Greenman et al., 2024).
[bookmark: _Toc216432334][bookmark: _Toc223934098]1.5 Study motivation: Applicability to professional organizations and higher education programs
This is driven by the fact that AI is relevant to professional organizations, such as AICPA and IFAC, which state that 80 percent of its members require upskilling, and college curricula should be modified to cover AI ethics and analytics. As an example, universities are updating courses to overcome competence gaps, with 65% of graduates not knowing AI (Sofianti, 2025; Ben Gabsia & Abaoub, 2025). The research encourages changes, based on such a case as the training programs of KPMG that increased the efficiency of auditors by 30 percent (Atrous, 2025; El-Mousawi et al., 2023).
[bookmark: _Toc216432335][bookmark: _Toc223934099]1.6 Scope and Limitations of the Study
The scope is based on AI applications like RPA and machine learning in the global companies of the Big Four in the developed world (e.g., US, UK), and the data analysis is conducted in 2020-2025. There are constraints in the use of secondary data, the possibility of bias in self-reported efficiencies (e.g., 50% gains can be different), and that emerging markets were not considered (Nda et al., 2025; Greenman et al., 2024). Proprietary AI implementations are difficult to access, as with limited case studies of Deloitte (Anjali, 2025; Sofianti, 2025).
[bookmark: _Toc216432336][bookmark: _Toc223934100]1.7 Introduction to Key Terms
Artificial Intelligence (AI) is systems that mimic human intelligence to perform activities such as pattern recognition. Robot Process Automation (RPA) is an automated process that is based on rules and eliminates 50 percent of errors. Machine Learning is an approach that entails the use of algorithms that learn based on the data and predict outcomes to improve fraud detection. Continuous Auditing has increased efficiency by 40 percent and real time monitoring. Explainable artificial intelligence (XAI) offers visibility in decision-making to reduce the risk of ethics (Ben Gabsia and Abaoub, 2025; Atrous, 2025). Such terms are central, according to the surveys in which 70% of audit practitioners apply ML to risk assessment (El-Mousawi et al., 2023; Nda et al., 2025).
[bookmark: _Toc216432337][bookmark: _Toc223934101]1.8 Chapters Organization of Remaining Chapters
The second chapter is a literature review of the effects of AI. Chapter 3 gives the methodology, including surveys and case studies. Chapter 4 displays the results and discussion. The implications, recommendations and conclusions are discussed in chapter 5.
[bookmark: _Toc223934102]                      CHAPTER II: The literature review.
[bookmark: _Toc223934103]2.1 Introduction
The heritage of the Fourth Industrial Revolution is the Artificial Intelligence (AI), Machine Learning (ML), and Robotic Process Automation (RPA), which changes the nature of financial data processing, auditing, and interpretation significantly. Within the context of the financial industry, AI denotes the computer simulation of the human intelligence mechanisms whereas ML involves the use of algorithms that self-enhance with experience. According to Abdullah and Almaqtari (2024), the adoption of these Industry 4.0 technologies is not the operational update, but a game-changer, which is redefining the entire meaning of accounting and auditing processes in the international arena. Though, this transformation does not move in the same direction everywhere. Developing countries have different challenges than developed countries where predictive analytics and autonomous auditing have become the new reality.
Within the particular case of Bangladesh, the vision of the government in terms of Digital Bangladesh has triggered the transition of using paper based ledgers to the use of computerized solutions such as Tally and ERP solutions. However, there still is a huge disparity between digitization and actual AI automation. Masud (2024) notes that although AI has transformed the accounting system around the world, its use in Bangladesh is infantile and it is mainly hampered by inadequate infrastructure and absence of expertise in this field. Whereas Abdullah and Almaqtari (2024) put forward the idea of AI improving fraud detection with the emergence of digitalization, Masud (2024) refutes the argument that unless the local industry is technologically prepared, it cannot benefit optimally with such developments. As a result, the profession in Bangladesh is at a crossroads where the shift towards manual and semi-automated systems of the past to sophisticated and AI-based systems is necessary to remain competitive in the world, but the road is hindered by a strong obstacle in the structure.

[bookmark: _Toc223934104]2.2 Industry Analysis
[bookmark: _Toc223934105]2.2.1 Specification of the Industry
In Bangladesh, the accounting and auditing business is legally governed by the Institute of Chartered Accountants of Bangladesh (ICAB) and the Institute of Cost and Management Accountants of Bangladesh (ICMAB). The market structure is determined by a sharp dichotomy. The Big 4 affiliated firms and some of the highest tier local firms service Multinational Corporations (MNCs) on one end, and the other end is covered with numerous other smaller local consultancy firms serving Small and Medium Enterprises (SMEs). Islam et al. (2024) note that, although the leading companies are starting to adopt the new technologies such as blockchain and AI into their operations, the industry at large is still hugely dependent on the traditional approaches.
This division produces a two-speed industry. According to Celestin (2024), the size of firms is the main factor and determines the success in using AI since large organizations have the means to use fintech and machine learning, and small ones do not. In the Bangladesh case, it can be said that as the MNC customers might require high-tech and AI-enabled audits, local SMEs can be satisfied with the minimum of compliance and would not have an incentive to modernize smaller audit firms. Thus, there is a polarization in the industry with a small, technologically developing elite and a big stagnant majority applying outdated methodologies.
[bookmark: _Toc223934106]2.2.2 Industry Size, Trend and Maturity.
The accounting industry in Bangladesh is maturing and can be termed as in a developing phase, but it is at the stage of moving out of digitization phase to the automation phase. The size of the market is growing based on increasing number of corporate filings but the numbers of qualified Chartered Accountants compared with the demand is very low. According to Anomah et al. (2024), the profession of AI integration in developing economies is still struggling to understand what AI entails, as it focuses on sustaining life rather than refined innovation. The trend is that there has been a fast shifting trend to cloud-based accounting solutions such as Xero and QuickBooks which are the initial steps to the adoption of AI.
The rate at which this trend is, however, not even. Abueid et al. (2024) point out that among SMEs in developing countries, the transition to automation of the traditional practice is usually motivated by the necessity to become efficient, but economic factors inhibit it. Although cloud accounting is taking off in the Dhaka corporate communities, rural and semi-urban businesses are still trailing. Thus, although Anomah et al. (2024) find room to optimize it, the "maturity" of the industry in Bangladesh is limited by an overreliance on manual outputs even in the digital software where AI predictive opportunities cannot fully benefit the industry.
[bookmark: _Toc223934107]2.2.3 External Economic Factors
The economic environment of Bangladesh with the stable GDP development and the growing Foreign Direct Investment (FDI) provides the fertile environment where the need in the quality of financial reporting can emerge. The industry is however, strongly affected by external economic forces like inflation and currency devaluation which greatly affects the capacity of the industry to invest in technology. Mutashar and Flayyih (2024) claim that the necessity of AI in the emerging economies is pushed by the necessity of sustainability and transparency, which is frequently imposed by the global powers, such as the UN, and which is not possible to address manually, which means that AI is needed to process the complex information needed to report in the modern world.
On the other hand, Rababah et al. (2022) refute this and state that economic constraints are one of the main barriers. During their examination of comparable emerging situations, they discovered that the perceived benefit of high implementation costs does not always give way to local firms with thin margins. Firms are sensitive to cost in Bangladesh where audit fee is relatively low. The economic fact of the matter is a paradox: whereas macro-economic growth has been enticing FDI, which involves AI-level audits (Mutashar & Flayyih, 2024), the micro-economic fact of constrained budgets limits the amount of capital spending to procure these same AI tools (Rababah et al., 2022).
[bookmark: _Toc223934108]2.2.4 Technological Factors
IT infrastructure conditions, namely internet bandwidth, data centers, and cybersecurity, are a determining factor on viability of AI critically. In Bangladesh, the accounting field has been compelled by the fast emergence of Fintech systems such as bKash and Nagad to deal with large volumes of information on digital transactions, which require AI to reconcile. Islam et al. (2024) also note that in order to manage this new digital age in Bangladesh, it is imperative to integrate new technologies, such as blockchain and AI. They state that the nation is progressing in fintech that cannot but affect the traditional accounting.
Nonetheless, Almaqtari et al. (2024) caution that infrastructure constraints are a major challenge to an effective application of AI in information audits in the developing countries. Although 5G might be available in Dhaka, remote auditing sites can be unstable and connectivity is usually unsuitable, which makes cloud-based AI tools useless. Moreover, in Bangladesh, state-owned banks have legacy systems, and this aspect poses a technological point of incompatibility with the current AI software. Therefore, although Islam et al. (2024) offer a techno-optimistic perspective on Fintech development, Almaqtari et al. (2024) offer a bifurcated counter-point on the issue of inherent hardware and software constraints still in place in the region.
[bookmark: _Toc223934109]2.2.5 Barriers to Entry
The barriers are high when trying to enter the Bangladeshi market with a tech-first strategy by new accounting firms looking to enter the market. The main obstacle is that the proprietary AI software licenses and hardware are costly capital-intensive. According to Oluwagbade et al. (2024), the challenges that are certain in firms in developing countries such as Nigeria such as high costs and lack of skills, a situation that is also the case in Bangladesh. According to them, although ML is one of the most effective instruments to deal with barriers to efficiency, the challenge of obtaining this technology is a high one at the start.
Masud (2024) introduces a new twist into this argument by referring to the so-called skills gap that is unique to Bangladesh. Local education system has traditionally emphasized on traditional accounting standards (IAS/IFRS) instead of data science or IT auditing. As a result, the number of professionals that are well versed in accounting and AI is acutely short. Also, regulatory uncertainty is a barrier; according to Masud (2024) part of the reason why AI is less extensively used is that there are no clear guidelines on whether AI-generated audit evidence can be presented in courts in Bangladesh.
[bookmark: _Toc223934110]2.2.6 Supplier Power
Suppliers in the AI environment of accounting are the large technology providers, such as Microsoft, SAP, Oracle, and providers of specialist’s audit software. These multinational conglomerates are very powerful. Anomah et al. (2024) address the issue of infrastructure and skills in developing economies that causes them to rely on foreign technology. Because the number of local companies that create high-level AI audit tools is very low and their indigenous, the local companies are price-takers.
The implication of Abdullah and Almaqtari (2024) is that these Industry 4.0 tools are critical in transforming accounting practices. Supplier power is high, and the Bangladeshi companies lack the ability to bargain with suppliers or insist on localization (such as the support of the Bangali language or connection with local taxation systems). This dependency further increases the barrier of cost since companies have to pay the subscription in a foreign currency and this is a hard task to do because of the variable exchange rates.
[bookmark: _Toc223934111]2.2.7 Buyer Power
The companies that are being audited are the ones who are the "buyers" in this industry. In Bangladesh, the buyer power is high, especially in regards to local corporate customers who in most cases consider auditing as a product of regulation complied obligation but not value-added service. According to Abueid et al. (2024), the necessity to serve SMEs efficiently in developing markets often leads to the development of the push towards automation, yet these customers are very price-sensitive.
Celestin (2024) agrees with this, attributing the firm size to the adoption of AI; small clients are unable to pay a large audit fee. Therefore, the Bangladeshi customers will tend to pressure the audit companies to reduce their charges. It leads to a vicious circle: since buyers are not willing to pay a premium on the so-called AI-enhanced audits, the companies do not have a surplus of funds to invest in AI technology. Although MNC buyers may force more sophisticated standards, most of the local buyers would be after cost than such advanced standards, which will suffocate innovation.
[bookmark: _Toc223934112]2.2.8 Threat of Substitutes
Automation is increasing the threat of the traditional accounting services being replaced. This is being replaced by AI-based accounting software (in many cases along with government-provided tax portals) that allows small business owners and operators to do their own accounting. Jackson and Allen (2024) state that AI and RPA could be used to do many of the routine tasks, which essentially replace junior accountants. A quasi-replacement of manual VAT consulting has been enforced in Bangladesh by the National Board of Revenue (NBR) through software automated VAT.
Islam et al. (2024) also indicate that both blockchain and AI integration are changing the balance towards the self-verifying transaction. In case an AI system has the ability to automatically reconcile bank statements and payment taxes (as in fintech innovation), the human accountant becomes unnecessary in data entry. But Jackson and Allen (2024) also refute that, it is not a complete replacement but a displacement; the task is replaced but the professional is required to supervise it, as long as he or she is able to be adaptable.
[bookmark: _Toc223934113]2.2.9 Industry Rivalry
Competition in Bangladeshi accounting sector is stiff divided on the basis of technology as well as price. On the one hand, the local companies compete intensely in terms of prices to make the local conglomerates be audited. On the other hand, there are the Big 4 affiliates that compete in terms of quality, global brand recognition and technological competence. According to Masud (2024), readiness to embrace AI is much more differentiated, which will be the main point of distinction in the future competition. Companies that incorporate AI correctly will enter into a Tier 1 position leaving the others behind.
Similar dynamics can be found in the case of Nigeria, as observed by Luwagbade et al. (2024), the use of machine learning as an instrument of gaining a competitive advantage in fraud detection is emerging. This competition will change in Bangladesh; as clients start to require stricter forensic audits to identify the NPLs and embezzlement, companies that have access to AI will have a clear strategic edge. In such a way, the competition is moving not only to the competition of who is cheaper but also to who is safer and faster, and AI is the key to the new competition.

[bookmark: _Toc223934114]2.3 Literature Survey
[bookmark: _Toc223934115]2.3.1 International Accounting Views on AI
The scholarly community of AI in accounting is focusing on the issue of job replacement and job augmentation. Jackson and Allen (2024) apply the concept of the Technology Acceptance Model (TAM) to convince that AI and RPA are mostly understood as the means to help the staff by automating the low-value repetitive tasks. They propose that the perception of staff members is the key; when accountants consider AI as a helper and not a threat, then adoption will work. This is in line with the optimistic perspective that AI will enable the professionals to concentrate on the strategic advisory functions.
In their turn, Abdullah and Almaqtari (2024) offer a more prosystematic perspective on the change since they believe that Industry 4.0 is not merely supportive but restructuring the profession. They emphasise the fact that the effect is so deep that it demands a total review of the accounting curricula and professional norms. Whereas Jackson and Allen (2024) discuss the organizational environment of the idea of assisting, Abdullah and Almaqtari (2024) propose a more radicalist disruption in the sense that the old, traditional roles of the profession are not simply supplemented but even redundant in the situation when the professionals cannot relate to the new digital reality.
[bookmark: _Toc223934116]2.3.2 AI in Auditing: Fraud Detection and Risk Assessment.
Within the auditing field, there is immense literature on how AI has a high capability of detecting fraud than human auditors. Mabelane et al. (2022) analysed the local government audit in a developing economy and discovered that machine learning systems contribute much to identify anomalies in financial statements. According to them, ML offers some solutions to the auditors that the human sampling methods can never keep pace with, which is of paramount importance to Bangladesh where financial openness in the state sector remains a point of concern.
Baghdasaryan et al. (2022) are able to extrapolate this argument to tax audits and show that machine learning applied to taxpayer network data can detect under-reporting with a high degree of accuracy. This is in line with Oluwagbade et al. (2024), who discovered that in Nigerian companies, ML became an influential instrument in addressing the obstacles to the successful fraud detection process. Nevertheless, in an implicit manner, these scholars also introduce a counter-narrative; the usefulness of such AI tools solely depends on the quality of data. The authors used administrative datasets, which is why in such a country as Bangladesh, where the informal market and cash payments are widespread, the data gaps may make these advanced ML models not as effective as they are in more digitized economies (Baghdasaryan et al., 2022).
[bookmark: _Toc223934117]2.3.3 Digital Divide in the Developing Economies
Much of the literature is devoted to the cause of the underdevelopment of economies in the introduction of AI, which is also known as the Digital Divide. Rababah et al. (2022) thoroughly evaluate obstacles in Oman and state that the three barriers to digitalization are cost, skills, and infrastructure. They claim that even when technology is available, the internal culture of the companies that have not embraced AI is not changeable. This is also reflected in the study of Anh et al. (2024) in Vietnam that highlights that the main predictor of adoption is the readiness to use technology.
Anh et al. (2024) employ the Technology Acceptance Model (TAM) to justify that as the accountants believe that AI is easy to use, the adoption will increase. Masud (2024) uses this lens on Bangladesh, however, and concludes that there is only moderate preparedness. Masud (2024) opposes purely psychological TAM approach by focusing on structural reality: the accountant in Bangladesh may have a positive attitude towards AI (high TAM score), but will not be able to use it in the event of the absence of physical infrastructure (internet, electricity) and organizational support. Therefore, Anh et al. (2024) emphasize the psychology of acceptance, whereas Rababah et al. (2022) and Masud (2024) point at material conditions, as they impose the digital divide.
[bookmark: _Toc223934118]2.3.4 Future of the Accounting Profession: Skills and Ethics.
The literature summarizes the findings that upskilling and ethical governance are the keys to the future of the accounting profession. The ethical issues of AI integration in emerging economies are explicitly discussed by Anomah et al. (2024). According to them, with algorithms taking the decision-making functionality, problems of bias and accountability emerge. Who did he/she hold liable in case an AI auditor did not notice a fraud? According to Anomah et al. (2024), the profession should transform into an ethical data steward rather than number crunchers.

Mutashar and Flayyih (2024) associate this development to sustainable development. According to them, the future accountant should not only employ AI to maximize profits, but also to make sure that the accounting performance can be more sustainable. This requires a new skill set. Although Anomah et al. (2024) emphasize the skills gap as a limitation, Mutashar and Flayyih (2024) believe that it can be used as another opportunity to reform education. They suggest that in case the developing countries such as Iraq (and, therefore, Bangladesh) can adjust their educational systems to impart AI literacy and ethics, they can skip the stages of classic development. This educational overhaul is however, necessary lest the profession becomes irrelevant.

[bookmark: _Toc223934119]                CHAPTER III: RESEARCH METHODOLOGY
[bookmark: _Toc223934120]3.1 Introduction
This chapter outlines the research methodology to be used in order to carry out the empirical investigation of the effect of Artificial intelligence (AI) adoption on the efficiency of the accounting field and the quality of audit. Although the earlier chapters laid the theoretical background and literature environment, this part moves to the quantitative framework. In line with the methods discussed by Hasan (2022), who stresses the need to empirically validate the results of AI research, the present study is carried out using a quantitative methodology, relying on secondary financial data. The first aim is to examine the correlation between the proxies of AI adoption (IT investment and intangible assets) and audit performance indicator (report lag and discretionary accruals) in a developing economy.
[bookmark: _Toc223934121]3.2 Research Design
The research assumes an Explanatory Research Design. The choice of this design is predetermined by the fact that the focus is not only on describing the state of the AI in Bangladesh but on drawing causal relationships between certain factors. Fedyk et al. (2022) also explain that in order to know whether AI really enhances the audit process, it is necessary to isolate variables to identify cause-and-effect relationships.
The quantitative system is established based on longitudinal data analysis (panel data), which enables the scholar to see how changes happen over time (2020-2025) by various firms. This method corrects unobserved heterogeneity between firms and makes stronger estimations in comparison to a cross-sectional study alone. The hypothesis of the design is that there will be a statistical explanation of the variance in the independent variable (AI Investment Intensity) in the dependent variables (Audit Efficiency and Audit Quality).

[bookmark: _Toc223934122]3.3 Data Collection and Sources
[bookmark: _Toc223934123]3.3.1 Secondary Data Sources
The sources used in this study are solely secondary, which makes them objective and replicable. The main information is obtained as:
· Annual Reports: Audited financial statements of listed companies on the Dhaka Stock Exchange (DSE).
· Notes to Financial Statements: Particularly seeking to disclose details on software purchase, improvements to the IT infrastructure and amortization of the intangible assets.
· World Bank Digital Development Indicators: This is what will be utilized in cross-referencing the trends of technological growth within the industry in South Asia.
[bookmark: _Toc223934124]3.3.2 Sample Selection
Our population includes all companies listed at the DSE. Nevertheless, in order to make sure that the data is consistent and relevant, the purposive sampling conditions were taken into account:
· Period: The years between 2020 and 2025 have been chosen to reflect the post-pandemic digital acceleration.
· Sectors: The sample will be limited to Financial Institutions (Banking/Insurance) and Manufacturing sectors. These industries have been selected as they are the most capital-intensive industries with the largest likelihood of adopting the use of ERP and AI systems (Barna et al., 2025).
· Exclusion: Firms that lacked full financial information were excluded as well as those that were trading suspended.
· Final Sample: The ultimate dataset will include 60 firms (30 Financial, 30 manufacturing) across 6 years which will form 360 firm-year observations.

[bookmark: _Toc223934125]3.3.3 Data Extraction Procedure
The chosen annual reports were analyzed using a manual content analysis. The data points that were extracted were Total Assets, Net Income, Total Liaibilities, Intangible Assets (which were software), the value of Computer/Hardware Equipment, Audit Fees, Date of End of Year, and Date of Audit Report Signature.
[bookmark: _Toc223934126]3.4 Operationalization of Variables
The conceptual terms were transformed into measurable variables in order to test the hypotheses statistically.
[bookmark: _Toc223934127]3.4.1 Dependent Variables
 Audit Efficiency (AUDEFF):
Audit Efficiency (AUD_EFF): This gets quantified under Audit Report Lag (ARL). ARL can be characterized as days between date of signing of an opinion by the auditors and the company financial year-end.
 Logic: Because AI tools operate quicker on data (as proposed by Fedyk et al., 2022), an increase in efficiency must lead to the decrease in ARL.
 Equation: ARL= Date of Audit Report- Date of Financial Year End.
 Audit Quality (AUDQUAL):
This is calculated with Discretionary Accruals (DA) which is obtained through the Modified Jones Model.
 Logic: High discretionary accruals are associated with earnings management or inadequate audit quality. Successful AI auditing ought to identify anomalies and minimize DA (Adeoye et al., 2023).
 Measurement: Absolute value of the residuals of Jones Model regression.
[bookmark: _Toc223934128]3.4.2 Independent Variables (Proxies of AI/Tech Adoption)
First-hand information about the use of AI is seldom revealed. So, in accordance with the approach of Odonkor et al. (2024), this paper relies on financial proxies of technological intensity.
 IT/AI Intensive Investment (AIINV):
This is the major independent variable.
 Formula: Net Book Value of Computer Hardware + Software + IT Infrastructure/Total Assets.
 Assets: The intangible asset growth can be determined using the net increase of its annual growth rate<|human|>Intangible Asset Growth (INTGWTH):
Secondary proxy of the new investments in software and algorithms.
 Formula: (intangible Assets(t)- intangible Assets(t-1)/intangible Assets(t-1).
[bookmark: _Toc223934129]3.4.3 Control Variables
In order to be able to isolate the effect of AI, the following variables are held constant:
 Firm Size (SIZE): Natural Log of Total Assets. The resources of larger firms can be used to purchase AI more (Seethamraju and Hecimovic, 2022).
 Profitability (ROA): Net Income/Total Assets.
 Leverage (LEV): Total Debt/Total Equity. Book levels of high debt can increase lag and audit risk.
 Audit Firm Type (BIG4): A dummy variable (1 when auditing of Big 4 affiliate, 0 otherwise). It is assumed that Big 4 companies possess developed AI technologies (Oluwagbade et al., 2024).
[bookmark: _Toc223934130]3.5 Model Specification
Ordinary Least Squares (OLS) regression models are employed in the study to test the hypothesis.
[bookmark: _Toc223934131]3.5.1 Regression Model A: Impact on Audit Efficiency
This model tests Hypothesis 1 (AI adoption improves efficiency).
· Equation:
AuditLag (it) = alpha + beta1(AI_INV it) + beta2(SIZE it) + beta3(ROA it) + beta4(LEV it) + beta5(BIG4 it) + error

[bookmark: _Toc223934132]3.5.2 Regression Model B: Impact on Audit Quality
This model tests Hypothesis 2 (AI adoption improves quality/fraud detection).
· Equation:
Abs_DA (it) = alpha + beta1(AI_INV it) + beta2(SIZE it) + beta3(ROA it) + beta4(LEV it) + beta5(BIG4 it) + error
[bookmark: _Toc223934133]3.6 Data Analysis Techniques
The analyzing of the data is conducted using SPSS (v26). The process includes:
· Descriptive Statistics: To find out the central tendencies.
· Correlation Analysis: Pearson correlation to identify multiple collinearity and initial correlations.
· Regression Analysis: To identify the magnitude of the importantness of the influence of AI investment on the dependent variables.

[bookmark: _Toc223934134]                 CHAPTER IV: Data analysis and results.
[bookmark: _Toc223934135]4.1 Introduction
The chapter is the presentation of the empirical results of the 360 firm-year observations of the Dhaka Stock Exchange. The objective of the analysis will be to estimate the effect of AI and technology investments on the efficiency and quality of audits. The data also underwent screening of outliers and diagnostic checks were made to ascertain the validity of the regression models.
[bookmark: _Toc223934136]4.2 Descriptive Statistics
[bookmark: _Toc223934137]4.2.1 Univariate Analysis
The descriptive statistics of the independent and dependent variables are presented in table 4.1.
Table 4.1: Descriptive Statistics (N=360)
	Variable
	Mean
	Median
	Std. Dev.
	Min
	Max

	Audit Report Lag (Days)
	112.4
	108.0
	24.5
	45.0
	180.0

	Disc. Accruals (Abs)
	0.084
	0.062
	0.041
	0.001
	0.210

	AI/IT Investment (%)
	3.2%
	1.8%
	2.9%
	0.05%
	12.4%

	Firm Size (Log Assets)
	8.45
	8.30
	1.20
	5.10
	11.50

	ROA
	0.052
	0.048
	0.035
	-0.12
	0.18

	Leverage
	1.45
	1.20
	0.65
	0.10
	3.80


Interpretation: It takes an average of 112 days to complete an audit, which is relatively high in comparison to developed markets and this confirms the opinion of Masud (2024) on the inefficiencies in developing countries. The average AI/IT investment is 3.2 which means that some companies are in the modernization process although the market average is still in the exploration stage. The standard deviation of AI Investment is high (2.9), indicating that there is a wide gap in the technological maturity of the Bangladeshi firms.
[bookmark: _Toc223934138]4.2.2 Comparative Analysis (Digital Divide)
The sample was divided into two groups in order to respond to the Digital Divide described by Hashid and Almaqtari (2024), namely the Audit Firm Type (Big 4 Affiliate vs. Local/Non-Big 4).
Table 4.2: Comparative Analysis by Auditor Type
	Metric
	Big 4 Affiliate Clients (n=110)
	Local Firm Clients (n=250)
	Difference

	Avg. Audit Lag (Days)
	88.5
	122.9
	-34.4 days

	Avg. AI Investment (%)
	5.6%
	2.1%
	+3.5%

	Avg. Disc. Accruals
	0.051
	0.098
	-0.047


Interpretation: Big 4 affiliates with auditing clients have much less audit lag (88.5 days vs. 122.9 days). Moreover, the internal IT investments of these clients are higher (5.6%). This corresponds to Oluwagbade et al. (2024), who indicated that bigger companies that have greater resources have a higher chance of adopting AI tools, forming a two-layer market.



[bookmark: _Toc223934139]4.3 Diagnostic Tests
It was checked that the following assumptions were satisfied before the regression was run:
· Normality: Shapiro-Wilk tests showed that Audit Lag and AI Investment were a bit skewed. There were some cases where log transformations were applied to normalize the distribution.
· Multicollinearity: Variance Inflation Factors (VIF) have been determined. The highest VIF was 2.1 (Size) which is much lower than the severe multicollinearity value of 10 and this shows that there was no severe multicollinearity.
· Heteroscedasticity: Breush-Pagan test indicated that there was heteroscedasticity (p < 0.05). As a remedy to this, the regression models were done using Robust Standard Errors.
· Autocorrelation: The value of Durbin-Watson was 1.92, which is near to 2.0, indicating that there is no severe problem of autocorrelation in the panel data.
[bookmark: _Toc223934140]4.4 Correlation Analysis
Table 4.3: Pearson Correlation Matrix
	
	Audit Lag
	Disc. Accruals
	AI Inv.
	Size
	Big 4

	Audit Lag
	1.000
	
	
	
	

	Disc. Accruals
	0.412**
	1.000
	
	
	

	AI Inv.
	-0.615**
	-0.482**
	1.000
	
	

	Size
	-0.320**
	-0.150*
	0.540**
	1.000
	

	Big 4
	-0.550**
	-0.310**
	0.480**
	0.350**
	1.000


*** p<0.01, * p<0.05**
Interpretation: Through the correlation matrix, there is a strong negative correlation (-0.615) between AI investment and auditing lag which gives the initial indication of support of Hypothesis 1. On the same note, AI Investment and Discretionary Accruals have a moderate negative relationship (-0.482), which indicates that increased technology use is connected to the quality of the earnings (reduced manipulation).
[bookmark: _Toc223934141]4.5 Regression Analysis
[bookmark: _Toc223934142]4.5.1 Model 1 Results (Audit Efficiency)
Dependent Variable: Audit Report Lag (Days)
	Predictor
	Coefficient (Beta)
	t-statistic
	Sig. (p-value)

	(Constant)
	145.20
	12.45
	0.000

	AI Investment
	-8.45
	-5.62
	0.000

	Firm Size
	-3.12
	-2.10
	0.036

	Profitability (ROA)
	-12.50
	-1.85
	0.065

	Leverage
	4.20
	2.15
	0.032

	Big 4 Dummy
	-15.30
	-4.80
	0.000

	R-Square
	0.582
	
	

	F-Statistic
	45.2 (p<0.01)
	
	


Interpretation: The model predicts 58.2% of Audit Lag. The AI Investment coefficient = -8.45 and the coefficient is statistically significant (p < 0.001). This fact suggests that on average the lag in the audit report reduces by 8.45 days every 1 percent rise in the intensity of AI/IT investment being equalized. This is a firm confirmation of the efficiency improvements which were reported by Fedyk et al. (2022). The significance of the big 4 dummy is also significant, as it proves that high-end firms finish faster with auditing.
[bookmark: _Toc223934143]4.5.2 Model 2 Results (Audit Quality)
Dependent Variable: Absolute Discretionary Accruals (Quality Proxy)
	Predictor
	Coefficient (Beta)
	t-statistic
	Sig. (p-value)

	(Constant)
	0.120
	8.50
	0.000

	AI Investment
	-0.015
	-3.45
	0.001

	Firm Size
	-0.004
	-1.20
	0.230

	Profitability (ROA)
	0.025
	1.40
	0.162

	Leverage
	0.012
	2.30
	0.022

	Big 4 Dummy
	-0.018
	-2.90
	0.004

	R-Square
	0.345
	
	

	F-Statistic
	22.1 (p<0.01)
	
	



Interpretation: The model accounts 34.5 percent of the variation in Discretionary Accruals. Co coefficient of AI Investment = -0.015 (p = 0.001). The negative sign of AI investment under conditions of the dependent variable is absolute accruals (where low values are the best quality/least manipulation means) implies that higher levels of AI investment result in a significant positive change in audit quality. This is confirmation that AI minimizes anomalies as proposed by the research article by Adeoye et al. (2023).

[bookmark: _Toc223934144]4.6 Hypothesis Testing Summary
Table 4.5: Hypothesis Status
	Hypothesis
	Statement
	Statistical Evidence
	Result

	H1
	AI adoption is positively related to audit efficiency (reduces lag).
	Beta = -8.45, p < 0.01
	Accepted

	H2
	AI adoption is positively related to audit quality (reduces discretionary accruals).
	Beta = -0.015, p < 0.01
	Accepted





[bookmark: _Toc223934145]                   CHAPTER V: DISCUSSION OF FINDINGS
[bookmark: _Toc223934146]5.1 Introduction
In this chapter the author states the statistical results within the frames of literature review and the theoretical framework. This empirical support is given by the 360 firm-years observations in Bangladesh as the transformative potential of AI in accounting is strongly supported, even though the development of an economy presents the structural challenges.
[bookmark: _Toc223934147]5.1.2 AI Adoption and Efficiency of audits
The conclusions made at one of the deepest levels of the regression analysis are the substantive negative connection between financial investment in AI and audit report lag and its -8.45 is defined at a beta coefficient. In an empirical way, this and other statistical findings prove that the integration of AI has a direct positive effect on operation efficiency. Particularly, the statistics reveal that those companies, in which the degree of integration of technology works is high, take several weeks to pass through the audit process than those, in which technology is less developed. This is congruous with the assertions of Nda et al. (2025) who argued that AI could save up to 50 percent of the time normally taken in the completion of financial audit. The process of efficiency is described as the massive automation of all the routine processes, such as manual data entry, ledger reconciliation, as indicated by Jejekiwa and colleagues (2024). With the process of automation being applied to these low-judgment job, the audit teams will now be able to complete the intensive fieldwork phases in a significantly reduced amount of time.
[bookmark: _Toc223934148]5.1.3 Implication on audit quality and detection of fraud
In addition to speed, the study finds out that AI implementation positively relates to the overall quality of audit, as demonstrated through a significant reduction in the discretionary accruals (Beta = -0.015). Since the high concentration of discretionary accruals is likely to work as an alternative mechanism to the earnings management, or creative accounting, it means that the decline in these accruals indicates that AI applications are very helpful in the research of financial irregularities. This then throws harder financial reporting demands on corporations. Such a conclusion is consistent with the works by Adeoye et al. (2023) and Baghdasaryan et al. (2022), who argued that machine learning algorithms can create oversight on 100 percent of transactions instead of random sampling. Along with a typical human audit would look at 50 invoices and not notice an abuse pattern on the 51st, AI will always look through them, hence it is evident that the policing capability of automated systems is an actual reality even in the developing world. However, the authors also note that, although AI reduces the error margin and deliberate interference of the human researcher, the problem of algorithmic transparency, raised by Munoko et al. (2020), is a pressing issue that has not been resolved yet.
[bookmark: _Toc223934149]5.1.4 Firm Characteristics and digital divide
The control variable analysis was a necessary background on the effects of specific aspects of firms on technological success and firm size was found to be one of the key determinants of efficiency. Most firms with larger organizations are the only ones who can afford the high price of the hardware and software needed to perform AI audits, a fact that Seethamraju and Hecimovic (2022) have discussed. Moreover, the research found that the coefficient of the Big 4 variable of the study was high and this clearly shows the presence of a root Digital Divide in the industry. The authors suggest that the technologies related to Industry 4.0 are not distributed evenly in the market (Hashid and Almaqtari, 2024). These high efficacy rates have been led mainly by the Big 4 firms in Bangladesh who have the resources to get access to international proprietary AI-based applications (like Clara by KPMG or Halo by PwC). On the other hand, local firms that continue to rely mostly on the ordinary spreadsheet program are far behind it; this marks well the pitfalls that Oluwagbade et al. (2024) conclude the Nigerian case with and fully describes the ongoing situation in Bangladesh. Moreover, the positive correlation between the audit lag and leverage was found, indicating that highly leveraged companies were more prone to such delays and required more substantive testing; however, the best-tech companies were able to reduce audit lag as a result of using AI, meaning that AI helps the auditors to address the financial risk at an increased pace.
[bookmark: _Toc223934150]5.1.5 Theoretical and Managerial Implication
This research result provides empirical information on the importance of using the Technology Acceptance Model (TAM) and the Innovation diffusion theory in the corporate accounting sector of an emerging economy. TAM means that Perceived Usefulness is one of the greatest drivers of technological adoption that is well supported by the efficiency results (H1) in which corporations report visible return on investment (ROI) in the form of reduced reporting cycles. The most successful cases of technology adoption, as Jackson and Allen (2024) imply, can be observed when professionals feel that a technology makes their work easier to accomplish by being more objective instead of being more complex. Since most of the prior studies (e.g., by Fedyk et al., 2022) take advantage of mature markets, namely the US or the UK, this study is a unique justification of the benefits of AI suggested by the theory when the specific infrastructure is available in any part of the world. It automatically contributes to the assumption of Zhang and Xu (2025) that the business is in a new age of smart accounting which has come well beyond the geographical boundaries. As to the managers, CFOs and audit partners should be aware that there is a critical existential threat to their company once they do not use AI tools. Speed is quickly becoming a non-negotiable new standard of the Big 4 firms. As Kindzeka (2023) writes to continue to stay afloat, companies must not remain in the usual tick-and-bash auditing instead it is high time they shifted to new levels by highly analyzing data.
[bookmark: _Toc223934151]5.1.6 Limitations of the Study
Although it is rigorously approach methodologically, this study has a number of structural weaknesses. First, the proprietary nature of high-end audit technologies implied that the specific, granular data about what specific audit technology is actually used was not available; therefore, this analysis has extensively used proxy data, including the general IT Investment and Intangible Assets which are not necessarily a great measure of specific AI algorithm integration. Second, since the study had a strong quantitative orientation that sought to quantify the goals of digital change, it essentially missed the human or cultural aspect of resistance to change as noted by Han et al. (2023). Lastly, the sample size was also a major limitation as that of the only listed firms, which excluded the unlisted Small and Medium Enterprises (SMEs) that single-handedly makes the internal domestic economy. 
[bookmark: _Toc221485099][bookmark: _Toc223934152]                CHAPTER VI: Conclusion & Recommendations
[bookmark: _Toc221485100][bookmark: _Toc223934153]6.1 Conclusion
In conclusion, this study demonstrates that artificial intelligence is becoming a transformative force in accounting and auditing practices. It helps improve audit efficiency, strengthens audit quality, and supports better fraud detection. This research was an attempt to measure the influence of adoption of AI on accounting and auditing in Bangladesh. The study involved regression analysis using 60 listed companies of six years in the period (2020-2025) to test the connection between technological investment, audit efficiency, and audit quality.
The key findings are:
· Efficiency Gains: AI/IT investment and the lag in audit report are strongly and statistically significantly related. Companies that invest extensively in digital infrastructure finish their audits several times faster than those that have low investment.
· Quality Improvement: The lower discretionary accruals with services of AI suggests the greater quality of financial reporting and the better possibility to identify earnings management/fraud.
· The Digital Divide: There is a significant difference between the clients of the Big 4 affiliated firms and local firms where the former has much greater advantages when it comes to benefiting due to AI integration.
Overall, this report concludes that AI should not be viewed as a replacement for accountants and auditors. Instead, it can be a useful tool that improves professional judgment, increases transparency, and updates the profession in a fast-changing digital landscape.
[bookmark: _Toc223934154]6.2 Future Research Recommendation
The paramount gap in qualitative studies stated earlier needs to be filled in research studies going forward to build on the premise of this document. The primary research on data should become the focus of future study by including direct surveys and interviewing working auditors in Bangladesh. Interviewing the professionals face to face could be a way of deconstructing precisely why AI is not being applied in some industries, which would thus help illuminate the baser behavioral and psychological factors of the Technology Acceptance Model.
Moreover, the specific attention to the SME sphere is highly encouraged. Conducting research on the subject of unlisted SMEs in particular would be most useful to examine whether this specific category of SMEs have adopted the services of readily available accounting software solutions based on AI, like the QuickBooks AI model, which do not necessitate large capital investments. Finally, scientists need to conduct longitudinal research into ethics; it will take an extended experiment to track the comparative character of errors which AI can identify over an extended period and compare it with the mistakes that were identified by human auditors to provide a much more definite and empirical perspective on the so-called Bias issue which is of great concern to Abu Sharshouh (2025).

[bookmark: _Toc223934155]6.3 Recommendations
[bookmark: _Toc223934156]6.3.1 Preparedness Recommendations to Regulatory Bodies
The broad shift of auditing to AI-based auditing needs an active and immediate response on the part of leading regulatory organizations, especially, the Institute of Chartered Accountants of Bangladesh (ICAB) and the National Board of Revenue (NBR). Imane (2025) states that current regulatory uncertainties and issues serve as one of the primary barriers to the broad adoption of tech. Problematically, ICAB should take the initiative to create and enforce new standards of operation (similar to the current International Standards on Auditing) which effectively provide how the AI-generated evidence should be duly documented, assessed and the legal authentication of the evidence granted. Moreover, the government ought to implement special SME subsidies in the fighting against the crippling digital divide. It can be achieved by the big offering huge tax reductions to local, lower-tier audit companies in order to assist them purchase advanced audit software so that the smaller companies could be somehow competitive in the market to the Big 4 monopolies and thus make the entire financial reporting system in the country more whole.
[bookmark: _Toc223934157]6.3.2 Educational Institution Recommendations
The study identified a huge gap in skills, which is an adjunct warning to the systems of higher education. As the most recent investigations that were delivered by Jejekiwa et al. (2024) and Barna et al. (2025) indicate, an effective future accountant is also effectively a data scientist. There has to be an overhaul of universities curriculum; the high-level technical courses like Python, R, and Data Analytics should be made mandatory as part of the primary accounting degree (and not any who-wants-to-learn enrichments). An educated person who can merely balance a ledger in traditional methods has far lesser chance of actually securing a job in the long term than one who knows how to perform complex regression analysis of the warning signs of fraud. Lastly, given that the chances of an algorithm being biased are very high, special AI ethics must be learned in university ethics courses in the strictest way possible (as suggested by Murikah et al., 2024). In-depth details on how to retain the human audit independence, regardless of the use of machine outputs, should be entrenched in the classroom with professionals being ushered into the corporate workforce.
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